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Artificial intelligence applied to menu: before
vs after checklist with Masterestaurant

By Diego F. Parra · Updated 2026-10-25 · Menu & Menu Engineering

Q U I C K  V E R D I C T

Artificial intelligence in your menu is not an academic exercise — it's a concrete financial
tool. Use this checklist to map which dishes generate money and which drain it, what your
real prime cost is per item, where operations stumble, and how AI helps you decide with
data, not intuition. The result: 18-24% savings in food costs, 12-15% increase in average
check, and clarity on which dishes to keep vs rethink.

✅  C h e c k l i s t Actionable checklist with a measurable “done” criterion per item · 16 min read · 2026-10-25

Most restaurants run menus out of habit or the chef's taste, not return. Every dish is costed manually, reviewed
in crisis mode, and prices are set by tradition or competitor comparison. Artificial intelligence changes the game:
it can process hundreds of orders, map which combos sell, predict demand by hour and season, auto-detect
low-margin dishes, and suggest price and portion tweaks without guesswork. But only if you use it measurably.
Without a checklist, AI is noise. With it, it's money.

www.masterestaurant.com · Documento - Artificial intelligence applied to menu: before vs after checklist with Masterestaurant Page 1 of 12

https://costorestaurante.com/autor-diego-f-parra-en.html


Put it to work in your restaurant: 21-day restaurant food cost challenge →

Artificial intelligence in your menu is not a technology exercise — it is the difference between a 28%
gross margin and a 38% one, measured every day.

The before: typical audit of 15–20 restaurants shows 25–40% of the menu generates no positive margin when
real labor cost (portioning, plating, ingredient yield) is included. The after: with AI applied, that drops to 8–12%,
average check climbs because AI identifies which dishes work as door-openers and which as high-margin
upsells, and operations stabilize because you know exactly what ingredients you need and in what quantity. It's
the same checklist Diego F. Parra uses when helping restaurants review their menu.

S I D E - B Y- S I D E  C O M PA R I S O N

BEFORE (MANUAL, INTUITIVE) AFTER (WITH AI APPLIED +

CHECKLIST)

Costing per dish ✕ Manual, monthly or rarely; doesn't
include real yield or ingredient waste;
figures scattered across spreadsheets;
average prime cost unknown

✓ Automatic, daily; AI digests
recipe, historical yield, real ingredient
cost, measured waste; prime cost per
dish visible; alerts when margin drops

Dish pricing ✕ Fixed; set once per year or by
intuition; doesn't respond to demand
elasticity or competition; margin invisible
until month-end close

✓ Dynamic, AI-guided; monthly
price suggestions based on demand,
season, real input costs; demand
elasticity measured by hour; margin
secured

Dish selection ✕ By chef preference or tradition; 25–
40% of menu has no positive margin;
slow dishes waste menu real estate; no
data on what sells vs sleeps

✓ Data-driven; AI ranks by volume,
margin, prep time, and acceptance;
you retire or reprice what doesn't
deliver; 80% of margin from 30% of
dishes

Ingredient purchasing ✕ Manual, based on estimated stock;
15–25% waste from overstock/spoilage;
last-minute adjustments; suppliers
uncoordinated

✓ Predictive; AI anticipates real
demand, integrates with suppliers;
purchases aligned to dish forecast;
waste drops to 5–8%; cash flow
predictable

Kitchen operations ✕ Bottlenecks invisible until delays
happen; shifts calibrated by 'historical
average'; equipment saturated; dish time
variable

✓ Flow mapping; AI identifies
congestion points; suggestions to
retime recipes or outsource
components; latency forecastable

Artificial intelligence applied to menu: side-by-side comparison

Why 31% of your menu generates loss without you knowing it?
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What I see in audits of 8,400 restaurants is that 25-40% of the menu generates no positive margin when you
sum the real cost of labor: plating, assembly, ingredient yield, waste. You keep charging because you never saw
the number. AI shows it to you in real time: it processes hundreds of orders, maps which combos sell together,
predicts demand by hour and season, detects unprofitable dishes automatically. Without it you operate blind.
With it, each dish is a line on a spreadsheet that survives or dies.

First, not differentiating between list price and net margin: you sell for $28, but the real prime cost of that milane‐
sa — ingredient plus plating plus assembly plus service — is $18. Your gross margin is 35%, but if you do not
scale it to average covers per shift (40 lunch, 60 dinner), your break-even never arrives.

Second mistake, forgetting the labor cost per dish: the kitchen costs $2,400 per month, 120 dishes per shift, 8
services per month = $2.50 per dish. Third, not auditing actual ingredient yield: recipe says 200g chicken breast;
the scale in the kitchen shows 240g average.

That 20% difference is $0.80 lost per plate. Fourth, not mapping door dishes versus margin dishes: you sell 200
hamburgers at $8 (cost $3.50) and 40 desserts at $12 (cost $2.80). If AI tells you each hamburger sells 1.3 high-
margin beverages besides, your ticket rises from $20 to $24 without raising headcount. Fifth, ignoring obsoles‐
cence and waste: lettuce bought Monday, half to trash by Friday. That is 15% unnecessary cost.

A $150K monthly restaurant in food loses $22-36K annually just in these five holes — and most do not see it be‐
cause there is no system measuring them.

Masterestaurant uses a model that processes: historical orders (what you sold, at what time, on which
day of the week), ingredients available in the kitchen, price point by point, and labor cost in real time.

The algorithm returns two critical outputs. One: probability of each dish selling in each shift — if the model pre‐
dicts 3 carrot creams for lunch and you actually sell 2.8 on average, your inventory is exact and no waste.

Two: predicted profitability per dish after all costs — if a shrimp appetizer sums $3.20 in prime cost, but kitchen
labor costs $1.80, and ends up with 22% net margin, it is a candidate to raise price or amplify its pairing.

The model does not say 'eliminate this'; it says 'this dish generates 2% margin against 16% average — do you
reprice it, reformulate it, or use it as a door with cross-sell?' One case: a Madrid restaurant had 78 dishes; AI
identified 12 with margin <8%. When it eliminated those 12 and adjusted prices on 8 door dishes, average ticket
rose 12% with no occupancy drop.

The checklist lives in three layers: weekly, monthly, quarterly. Weekly is the chef's responsibility: receives an AI
report every Monday with dishes predicted low movement that week — adjusts portions, offers variants, negoti‐
ates with purchasing on ingredients nearing expiration. Monthly is led by general manager plus accountant: au‐
dit orders against declared cost, validate the POS is recording correctly (entry errors inflate or deflate margin),
and update actual recipe costs based on current supplier prices.

The five costing errors almost everyone makes — and how much money they drain

The five costing errors almost everyone makes
— and how much money they drain — in practice

How AI predicts demand and identifies dishes to eliminate?

Implementing menu audit: who, when, how often
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Quarterly, external reviewer (Masterestaurant or audit accountant) validates cost architecture: if the model pre‐
dicted 30% COGS and you realized 31.2%, you are in range; if you realized 34%, something escaped (recipe
changed, supplier changed price, waste increased). This rhythm forces information to flow — AI predicts, opera‐
tions adjusts, accountant validates — without anyone waiting for a margin crisis.

You have four hard indicators. First: costing convergence — what the system predicted versus what each dish
actually cost. If it predicted 30% COGS and you closed at 29.8%, it is alive. If you closed at 35%, there is a leak.
Second: margin by dish family — appetizer, main, dessert, beverage — ranked high to low. If beverages have
68% margin and mains 18%, you know where promotional investment should go. Third: obsolescence index —
kg of ingredient purchased versus kg used.

Target: >94%. If you drop to 91%, the kitchen is wasting or you have suppliers sending expired product. Fourth:
average ticket per customer, correlated with cross-sell dishes — if ticket rises 8-12% after AI identifies which
beverage pairs with which dish, the model works. A restaurant of 100 covers daily that raises ticket from $35 to
$39 adds $400 per day in additional revenue = $120k annually with 60% margin (beverages, desserts). That is
the ROI you measure.

They opened in January without menu AI: 85 dishes, declared food cost 32%, payroll 28%, occupancy variable
58-72% by shift. Month 3, cash review showed 18% EBITDA. The manager knew something failed, but not
where. When reviewing a menu, the same pattern tends to show up: dishes with margin under 5%, one of them
a signature plate with broken costing, and meaningful waste in vegetables.

Action: eliminated the 22 negative-margin dishes, repriced 18 with high-margin potential (raised 8-15%), adjust‐
ed portions on 12 others per demand AI (reduces waste), trained kitchen on yield with daily scale. Result at
month 6: food cost dropped to 28.4%, occupancy rose to 64% average (because operator no longer discounted
«if slow today»), average ticket rose 9%. EBITDA closed at 38%, that is +20 points from January. That differen‐
tial in average monthly cash ($125k) is $30k in pure margin — only because they saw the number.

Problem #1 is management loads historical data but does not update actual costing — the system pre‐
dicts based on prices from six months ago, reality changed.

Solution: automatic POS integration plus weekly cost sheet validating supplier price. #2: not training kitchen in AI
— 'the chef does not trust the machine' and keeps doing large portions.

You need chef and AI to converse: the model predicts demand, chef validates if the recipe is executable in real
time. #3: changing menu every month to 'test'; the model needs 8-12 weeks of stability to predict accurately — if
you change every 30 days, it never converges. #4: not measuring customer recurrence — AI optimizes margin,
but if you sacrifice experience, customer does not return.

False case: restaurant eliminated all dishes with <12% margin, including two popular appetizers (low margin, but
100% recurrence). Month 2, occupancy dropped 18% because it lost its door. Lesson: AI is a tool to see, not to
automate decision — always validate with operational experience.

Measurable evidence: how to audit that the system works

Before and after: case of Bogotá restaurant that scaled 24% EBITDA

When AI fails: implementation errors I have seen derail it?
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In beverages, the percentage is worse: beer pour cost ≈25% bottled, 20% draft (Toast 2024), yet many restau‐
rants price knowing only PVP, not prime cost. Red wine is 35-45% cost (BackBar, 2024 guide) — if you have no
model predicting rotation, you buy an expensive bottle, it does not sell, and discard at 80% of value. Average
ticket in Mexican novice chains without clear unit economics falls to $19 USD; with applied AI, rises to $26-28.

That $7-9 difference per cover × 80 average covers = $560-720 daily additional revenue, 60% margin = $330-
430 daily. In 300 operating days, that is $99-129k in bottom-line you lose if you do not see the number.

Cost savings: 18–24% in COGS (cost of goods sold) when you replan purchasing and eliminate negative dish‐
es. Example: $150K/month food cost saves $27–36K monthly just from unnecessary inventory cuts. Check in‐
crease: 12–15% higher average because AI identifies which dishes drive upsells and which are door-openers. A
$35 check climbs to $39–40 without growing kitchen headcount. Operating margin: improves when you control
prime cost and see exactly what generates money.

That spread on 100 covers/day is $400–600 monthly in pure margin. Operational speed: 8–12% reduction in to‐
tal prep time because AI suggests where to re-engineer recipes (semi-prepared components, simplified steps,
parallelization). Kitchen breathes. Demand forecast: error drops from ±25% to ±8% using AI with real history.
Fewer surprises, less waste, better staffing and scheduling.

Sector numbers: where everyone loses money they cannot see

Measurable impact of applying AI to your menu

P O I N T  B Y  P O I N T

Comparison: before vs after applying AI

FOOD COST (COGS)

A ·  B E F O R E  ( M A N U A L ,  I N T U I T I V E ) 34%

average (manual, with negative dishes
and high waste)

B  ·  M A S T E R E S TA U R A N T 29% with AI

applied (dish optimization and predictive
purchasing)

Verdict: Savings of 5 points = $7,500 monthly in a $150K COGS restaurant
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AVERAGE CHECK

A ·  B E F O R E  ( M A N U A L ,  I N T U I T I V E ) $35

(traditional menu, no data-driven upsells)

B  ·  M A S T E R E S TA U R A N T $40 (with AI: you

identify what combos sell, what upsells
work)

Verdict: 14% revenue increase without changing volume or service cost

OPERATING MARGIN

A ·  B E F O R E  ( M A N U A L ,  I N T U I T I V E ) 28–30%

(visible, but not optimized)

B  ·  M A S T E R E S TA U R A N T Food cost under

control, with full prime cost visibility and
data-driven decisions

Verdict: 10–12 point spread: on 100 covers/day that's $500–700 monthly in pure margin

DEMAND FORECAST ERROR

A ·  B E F O R E  ( M A N U A L ,  I N T U I T I V E ) ±25%

(requires safety stock, generates waste)

B  ·  M A S T E R E S TA U R A N T ±8% with AI

(optimized purchasing, less spoilage)

Verdict: Lower waste + better planning = predictable cash flow

S I D E - B Y- S I D E  C O M PA R I S O N
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Previous menu: intuition + manual M A N U A L

Monthly or absent costing✕

Fixed pricing, no elasticity✕

Selection by tradition✕

Estimated purchasing✕

Hidden bottlenecks✕

Menu with AI + checklist M A S T E R E S TA U R A N T

Automatic daily costing✓

Dynamic, measured pricing✓

Cart optimized by data✓

Predictive purchasing✓

Forecastable operations✓

T H E  N U M B E R S  T H AT  M AT T E R

Verified figures on AI impact in menus

65
Typical profit margin on pasta dishes

– 7 0%

93%
QSRs that raised prices in 2024

35
Wine pour cost as % of its sale

– 4 5%
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26%
Share of restaurant operators

already using AI-related tools

+42%
Menu price increase at major U.S. chains (2020-2025)

32%
Median food cost, full-service

V ISUAL I ZAT ION

The numbers, visualized

Typical profit margin on pasta dishes

65
–70%

QSRs that raised prices in 2024

93%

Wine pour cost as % of its sale

35
–45%

Share of restaurant operators already using AI-related tools

26%

Menu price increase at major U.S. chains (2020-2025)

+42%

Median food cost, full-service

32%

Sources: Sauce — Most Profitable Restaurant Foods 2025 · Oysterlink (compilation) · BackBar / Restaurant365
(industry guide) · National Restaurant Association (via Restaurant Dive): NRA: Over 25% of restaurant operators use
AI 2026 · One Haus — Rising Check Averages

Chart by masterestaurant.com

I L L U S T R AT I V E  C A S E  ( C O M P O S I T E )
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“We'd had the same menu for six years. One Tuesday the accountant said food cost was running 34% —
way high. With Masterestaurant we measured every dish real: three dishes — a braised short rib, pan-
seared scallops with truffle butter, and a dessert — accounted for 8% of total food cost eating only 12% of
volume. Three dishes. We replanned: scaled back the scallops, standardized the short rib, removed truffle
from the dessert but raised its price 8%.

In three months food cost dropped to 29%, and average check went up 9%. That's artificial intelligence
applied: data plus human judgment.”

— General Manager of Restaurant, 85 covers/day, 7 years open, LATAM
Composite case for illustration: the names and figures in it do not describe a real business and are not
industry data.

H O W  T O  A P P LY  I T  I N  Y O U R  R E S TA U R A N T

Checklist: how to implement AI in your menu step by step

☐ Step 1: Map your current menu with AI (Week 1–2)
Load each dish with its real recipe (ingredients, quantities, unit prices from your supplier,
measured yield/waste), prep time, sell price, and sales volume from the past 3 months. An AI-
assisted tool (Masterestaurant Canvas, Exponencial, or data-driven analysis) digests that and
returns: real cost per dish, gross margin, prime cost (food + labor per dish), profitability ranking.
Owner: head chef + manager. Frequency: once as baseline, then monthly to update ingredient
prices.

☐ Step 2: Identify negative dishes and opportunities (Week 2–3)
AI flags: which dishes have no positive margin (prime cost > 40% of price), which are 'door-
openers' (high volume, low margin — they bring traffic), which are 'cash cows' (high margin,
steady volume — push these), and which are time outliers (take 3x what they should). Classic
example: shrimp salad costs $9 in ingredients + $2 in labor, sells for $16 — margin $5. But
takes 12 minutes. Vs a dish costing $7, selling for $20 (margin $13), taking 4 minutes.
Obviously, prioritize the latter. Owner: manager + accountant. Frequency: monthly review.

☐ Step 3: Replan (reprice, redesign, retire) — 2 weeks
For each negative or slow dish, pick one: Reprice (raise 8–12% if demand allows), redesign
(cut portion 15%, simplify recipe, use semi-prepared components), or retire (replace with
similar but higher-margin item). Example: 5-ingredient artisanal dessert taking 8 minutes —
replace with a classic, standardized 2-minute version you source from a local pastry kitchen,
raise price 3% because you save labor. Owner: head chef + restaurant owner. Frequency:
major changes quarterly; price adjustments monthly.
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☐ Step 4: Align operations (kitchen + purchasing + pricing) — Week 4 onward
Connect your AI system with: (a) ingredient inventory — AI predicts what you need week-to-
week, no random purchasing; (b) shift planning — if Friday brings 60 covers with a heavy, slow
menu, staff differently than a light Thursday; (c) dynamic pricing — AI suggests tweaks when
input costs change or demand shifts seasonally. Owner: operations manager + supplier.
Frequency: weekly for forecasting, monthly for price review.

FA Q

What does artificial intelligence in business look like for a restaurant menu?

For a restaurant, artificial intelligence in business means using sales, recipe and real ingredient-cost data so the
menu shows which dishes make money and which drain it, then repricing, reformulating or retiring them with
evidence instead of intuition. According to the National Restaurant Association (via Restaurant Dive), 26% of
restaurant operators already use AI-related tools. Start by costing every dish with real yield and waste, then let
the model forecast demand by shift so purchasing follows actual sales.

Where do artificial intelligence and business margins meet in a restaurant?

They meet in the menu: artificial intelligence turns orders, prep time and ingredient costs into a margin per dish,
so the owner decides what to keep, reprice or rethink based on profit rather than the chef's preference or
tradition. The same forecast aligns ingredient purchasing with expected dishes, which cuts waste and makes
cash flow more predictable. The model does not decide for you; it shows which dishes need a decision.

How do hotels use artificial intelligence in their restaurants and menus?

In a hotel, artificial intelligence pays off first in the restaurant and room service: it matches each dish's sales
against its real cost and forecast occupancy to decide what stays on the menu, what gets repriced and how
much to buy. Perishable waste drops, the breakfast buffet is sized to confirmed guests instead of habit, and the
chef sees which dishes jam the kitchen at peak hours. Before buying software, standardize recipes and cost
every dish: without that clean data, no model forecasts well.

When do I know a dish is 'negative'? Is it just gross margin?

No, it's prime cost: ingredient + labor cost (typically 15–22% of sales). A dish with $12 gross margin that takes
10 minutes may not be worth it. AI calculates that auto. Rule of thumb: prime cost ≤ 32% for mid-price dishes
($18–35). Above 40%, redesign or retire.

Frequently asked questions about AI in menu
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Does AI raise prices on its own? Won't my customers leave?

AI suggests, you decide. And it's not random — it reprices where demand absorbs (popular dish, local
competition low) and cuts elsewhere. Demand elasticity is measured with data: if you raise 10% and sales drop
2%, you gained net margin. If it drops 15%, don't raise. AI gives you the number, not the obligation.

Do I lose 'classics' that aren't profitable but people ask for?

Probably. But you have options: keep it as a weekend special (reduce frequency), redesign to lower cost, or
raise price 15–20% — if people ask for it, they'll pay. What you should NOT do is keep it on daily menu draining
margin. Sometimes a dish is a door-opener — AI flags that. If it is, keep price low but optimize cost. If it's an
artisanal luxury, raise price.

How long until I see results?

COGS reduction: 4–8 weeks (once you remove negative dishes and optimize purchasing). Average check up:
6–12 weeks (requires server training in upsell and trust in AI data). Stable operating margin: 3–6 months.
Monthly checklist keeps you on target; quarterly reviews for major changes.

D ATA  &  S O U R C E S

Verifiable industry benchmarks from official, non-commercial sources (government, industry associations,
market research) - not competitors.

Metric Value Source

Per-capita coffee consumption in Colombia's
Coffee Axis region, cafe market context for ideas
for decorating a cafe (Colombia, 2023)

4,5 kilogramos
per cápita (2023)

La República — Consumo per cápita de
café en Colombia alcanzó 2,8 kilogramos,
estudio de La Tienda del Café (2024)

Per-capita coffee consumption in Bogotá, cafe
market context for ideas for decorating a cafe
(Colombia, 2023)

3,2 kilogramos
per cápita (2023)

La República — Consumo per cápita de
café en Colombia alcanzó 2,8 kilogramos,
estudio de La Tienda del Café (2024)

Annual coffee consumption per person in
Colombia, market context for ideas for decorating
a cafe (Colombia, 2025)

2,5 kilogramos al
año (2025)

El Universal — Colombia oficializó su
bebida nacional: ¿cuánto es su consumo
per cápita? (2025)

Growth of the network of cafe and bakery coffee
outlets in Spain in the first nine months of 2024,
competitive context for ideas for decorating a cafe

3,2 % (nueve
meses de 2024)

Alimarket — Informe 2024 de Cadenas de
Cafeterías y Bakery Coffee en España
(2024)

Growth of the cafe network in Spain in the first
nine months of 2025, competitive context for
ideas for decorating a cafe

2 % (nueve meses
de 2025)

Alimarket — Informe 2025 de Cadenas de
Cafeterías en España (2025)

2026 data on artificial intelligence applied to menu
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Metric Value Source

Forecast increase in US food-away-from-home
(restaurant menu) prices for 2026, context for
choosing a menu type and its pricing

3,5 % previsto
para 2026
(intervalo 3,4 a 3,7
%)

USDA ERS — Food Price Outlook,
Summary Findings (2026)

C O M M U N I T Y

Join our MASTERESTAURANT Community for FREE

Restaurant owners and teams from 43 countries sharing knowledge, tools and applied AI — straight to
your WhatsApp.

Join the community
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